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1. Motivation 3. Idealized experiments with Lorenz 96 model
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 Alternative approach by Daescu (2008): 00 -
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4. Experiments with an quasi-operational system

* Objective of this study:

- to formulate an ensemble-based equivalent of EFSR diagnostics for the Ftttyt'g”t
Daescu’s adjoint-based R-sensitivity diagnostics NCEP’s GFS hybrid GSI | — = oo
- to assess effectiveness of its application to R-tuning coupled with LETKF
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