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The linear regression model for background error statistics Two different ensemble sets for generation of background error statistics for HARMONIE AROME 2.5

The model for background error statistics in the DS - downscaling of coarse resolution operational ECMWEF EDA (T399, 91 vertical level, 12 window 4DVAR)

HARMONIE data assimilation was formulated by Berre (2000) EDA - high-resolution HARMONIE AROME 2.5 EDA (6h 3DVAR, conventional observations, perturbed observations for

ensemble members except for control) + ECMWEF EDA on lateral boundaries
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wave number component DS based structure functions are associated with a strong spinup during first 6-12 hours of integration. The adaptation to a high-

resolution orography is likely to be one of the main processes behind the spinup. The use of low-resolution ensemble for the purposes of high-
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rI:E)he regr}'ression is performed on an ensemble of short range forecasts resolution data assimilation will always be associated with such interpolation processes. One can see that for humidity fields for example
S e EaL certain spin-up processes are on-going even after 12 h of integration with HARMONIE AROME

Alternative ensemble generation approach
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EDA perturbations inject random unstructured spread on the
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Filtered analysis increment On the basic assumptions behind climatological background error covariance model
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